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Definition of metrics

actual actual

positive | negative
predicted positive TP FP
predicted negative FN TN

(a) Confusion Matrix
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(h) Definitions of metrics
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The relation between Precision-Recall (PR) and ROC curves
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(a) Comparison in ROC space
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(b) Comparison in PR space
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The relation between Precision-Recall (PR) and ROC curves
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Potential advantage of Precision-Recall (PR) over ROC curves
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Linear interpolation: straightforward for ROC curves
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Linear interpolation: potential fallacy for Precision-Recall curves
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Linear interpolation: potential fallacy for Precision-Recall curves
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(a) Comparison in ROC space
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Interpolation example: 20 edges
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Interpolation example: 20 edges

1 T T T T
0.97 TP | FP | REC | PREC
0.8h Al 5 ] 5 | 025 0500
6 | 10 | 0.30 | 0.375
0.7F 7 | 15 | 0.35 | 0.318
8 | 20 | 040 | 0.286
0.6f 0 | 25 | 045 | 0.265
B| 10 | 30 | 0.50 | 0.250
0.5}
0.4}
0.3}
0.2f
0.1f
0 1 1 1 1
0 0.2 0.4 0.6 0.8

Recall




